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PROBLEM CURRENT SYSTEM REQUIREMENTS

For the elaboration of the project was needed.:

Our sponsor (Kaseya) _vvants t(.) dentify clients th_at A machine learning predictive model is needed to Python 3.8.10
suspend or are most likely going to suspend their . | |
. . . decrease the churn rate of the Kaseya clients and Visual Studio Code
services and why are they stopping the service, . . .
Do . . Improve business. There is no current system to
whether if it Is due to Kaseya solving their problem, . . . . .
. . . . Identify factors as in why client tend to end their
or client did not find out how to use the service at . . . . |
. services with the company, therefore this project's _Streamlit
full potential or any reason that could be presented. . .
goal Is to create an accurate model to predict and

ldentifying and cl_assn‘ylng factors and pOSS|_bIe dentify these factor mentioned before.
reasons why a client came to churn the service

GitHub would give Kaseya an overview of how to interfere, -Trello
Improve, and prevent future clients to end their
service by providing them their needs.

-Datasets from Kaseya

-GitHub

VERIFICATION SYSTEM DESIGN IMPLEMENTATION
Our model went into testing by our own members of -The data set given by Kaseya was cleaned and
the team. binarized
_ + product_data_qf: Dataframe
We tested accuracy with: R 8. ek Dokl -Data frame was cleaned, and features were
-Logistic Regression (very low accuracy since added.
unbalanced data prOVided) + merge(Dataframe): Dataframe -MOdel Was programmed in python
-SMOTE to oversample our data (Accuracy was © ¥ Dataframe (Dependent Variables) -Oversampling technique SMOTE was applied.
+S - list
Improved with this technique). e it <-Fold validati 0 L ogisti .
e 4 cont ok Datakaing -K-Fold validation with Logistic regression was
-Added K-Fold val_ldatloh (Accuracy became more added for more balanced data.
consistent in the model. FgAnEaR .
-Data frame tables were added to stream lit
:?3:;-9;:250rar::_tac:;-r(r:tg:;prlw_tmao -Correlation heat maps were created for better
Predictive accuracy achieved was ~68% +l mak: Datakame | visual display.

(with Duration, Won Opportunities, Renewed, and , -Confusion Matrix was added to display
One-time purchase — being the biggest factor in to e bl predictability.
play when customer churn)

SUMMARY Screenshots
visualize Data
Our Churn Detection Model Project is a machine '_ 07001 06555 06770 22t poe

learning predictive model that classifies whether a 0.6873 0.6873 ~osem ,. .,
. e 7 . A48 mis*_,sing Data

client of Kaseya would churn or renew, by necroavE 06881 0.6813 06870 65,445.0000 ()

_ o _ _ _ weighted avg 0.6881 0.6873 0.6870 66,448.0000 - "
identifying possible factors that can contribute into o ——
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the client’s decision with the membership of the
service, which were Kaseya identifying certain
factors on customers can help the business

( model Data )-c:-:inc:ludﬂs.:-':-b(trainﬁndT est{})

iImprove/offer better service to clients in order to
F I U continue business with customers. Model has lots
of room for accuracy improvement and expansions
with more better-balanced data set.
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